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from sklearn i1mport datasets, preprocessing
from sklearn.model selection 1mport train test split

from sklearn.linear model 1mport LinearRegression

from sklearn.metrics 1mport rZ2 score
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from sklearn.datasets import load iris

1ris = load 1ris()
X = 1lris.data
y = 1ris.target
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from sklearn.model selectilion import trailn test split

X train, X test, y train, y test = train test split(X, vy,
random state=12, stratify=y, test size=0.3)
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from sklearn.preprocessing 1mport StandardScaler
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from sklearn import feature selection as fs

fs.SelectKBest (score func, k)
TIEEL (Filter) , {REBIEDHFRBIKEVEHLE (top k7AR)

fs.RFECV (estimator, scoring=%“r2”)

HEIL (Wrap- per) , FERXNWIERNEAFHMESMRZE, BalEFERITIENE
fs.SelectFromModel (estimator)

BRATIL (Embedded) , M REFBEINERIGIE, {HIEBcoef 8E

feature importances HY EIRBIESEILMENestimatorSEUEN
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from sklearn.linear model 1mport LinearRegression

MR A LA

lr = LinearRegression(normalize=True)
)| ZxREY

lr.f1t (X train, y train)

e T

y pred = lr.predict (X test)
LASSO linear model.Lasso
Ridge linear model.Ridge

ElasticNet  linear model.ElasticNet

=R tree.DecisionTreeRegressor
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from sklearn.tree import DecisionTreeClassifier
clf = DecisionTreeClassifier (max depth=5)
clf.fit (X train, y train)

y pred = clf.predict (X test)

y prob = clf.predict proba (X test)
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1ZEE[a]13 linear model.LogisticRegression

RG] svm. SVC
A=A NHER naive bayes.GaussianNB
Kir3[ neilghbors.NearestNeighbors
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from sklearn.ensemble i1mport RandomForestClassifier

clf = RandomForestClassifier (n estimators=20)
clf.fit(X train, y train)

y pred = clf.predict (X test)

y prob = clf.predict proba (X test)

ensemble.AdaRoostClassifier

AdaBoost
ensemble.AdaBoostRegressor

*%Jgﬁsﬁ ensemble.GradientBoostingClassifier

ensemble.GradientBoostingRegressor
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from sklearn.cluster i1mport KMeans

MR ERSEELA
kmeans = KMeans (n clusters=3, random state=0)
=}

kmeans.fit (X train)

Fou
kmeans.predict (X test)
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from sklearn.decomposition import PCA

SAPCAEE, REEMITEE/I3, n_componentsfUFREMTENE
pca = PCA(n components=3)

1)I|ZRrES
pca.fit (X)

RS TR EEER A ENH (XBE=1EK7D)
print (pca.explained varilance ratilio )
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print (pca.explained varilance )
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DBSCAN cluster.DBSCAN
NS cluster.AgglomerativeClustering
1%5%% cluster.SpectralClustering
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from sklearn.metrics import accuracy score

accuracy score(y true, y pred)
XNTUAEMS, v_testBIRy true, KEPDREEIVMNE ZEL(E
y_trueFIFIMEY pred.
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metrics.mean absolute error () - SEIYHEITIREMAE
metrics.mean squared error () \ I 1RZEMSE

RERHR.

metrics.r2 score ()
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metrics.accuracy score () | IEFRER
metrics.precision score() | BIBHR
metrics.fl score() \ F1 18

metrics.log loss() | XYEURFKEIR IBERK

iy =yl
metrics.classification report | ®EMIHNMINDEIRSE

metrics.confusion_matrix
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metrics.accuracy score () IF 1 =
metrics.precision score () \ %%*%ﬁﬁ%\z
metrics.fl score() | Fl {H .
metrics.log loss() | XIEQREER FRK.
metrics.confusion matrix | JEi&EFEE.

metrics.classification report | BEMIFEMNMIDRIRS.
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from sklearn.model selectilion import cross val score

clf = DecisionTreeClassifier (max depth=5)
scores = cross val score(clf, X train, y train,
cv=5, scoring='"fl weighted’)
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from sklearn.model selection import GridSearchCV

from sklearn import svm

svc = svm.SVC ()
params = {‘kernel’:[‘linear’, ‘rbf’], ‘C’":[1, 10]} grid search =
GridSearchCV (svc, params, cv=)5) grid search.fit(X train, y train)

grid search.best params
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from sklearn.model selection import RandomizedSearchCV

from scipy.stats import randint

svc = svm.SVC ()

param dist = {‘kernel’:[‘linear’, ‘rbf’], ‘C’:randint(l, 20)}
random search = RandomizedSearchCV (svc, param dist, n iter=10)
random search.fit (X train, y train)

random search.best params
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1. https://scikit-learn.org/stable/tutorial/basic/tutorial.html
, scikit-learn (sklearn) B34
2. https://sklearn.apachecn.org/ , scikit-learn (sklearn) B
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