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SMOTE(Synthetic Minority Over-sampling Technique) &iA213 X
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1. IEfRBTE (True Positive,TP) : FONIAE, SCfrAE

2. IETHBTE (True Negative, TN) : T AR, SCRAIER
3. f8ixB7E (False Positive,FP) : FullAE, sCARAR
4. §IREBTE (False Negative,FN) : FullofR, SChrAE

TP + TN SENE - :
VERRTR) A — BB (confusion_matrix)
(HEBRER) Accuracy = 2N Fp 1 FN
N o TP e
(*ﬁﬁmﬁl—\) Precision = TP + FP Positive Negtive
TP "
> ‘E
TP+ FN Sl Negtive FP TN
2 X Precision X Recall
(F1 score) F1 =

Precision + Recall
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i ANIX 1005k BRI T — 0 2SIRA!, #HiIX 1005k A8 A SRRIFRE Y,

. |

1IE (Positives) : 1RBIXTHEY IRBISSRRYiR B

Tafjl (Negatives) : TRBITEHY FaaliE

Positive Negtive

Positive TP=40 FN=20
SERRE
Negtive FP=10 TN=30
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IEff=E (Accuracy) =(TP+ TN)/S

TP+ TN =70, S= 100, NIEEHERN:
Accuracy =70/100=0.7 581 S Y T4
{&[E (Precision) =TP/(TP+ FP) RGBT
TP=40, TP+ |;P=5.0:, 10/50208 EORIREARY
recision = =0.
IRBIXS T RIS St
AEl=E (Recall) =TP/(TP+ FN) RBIEE T RIS R
TP=40, TP+FN =60, NIBEIEH: e -

Recall =40/60=0.67 SCRRS ESIEE

SLhRE R PIEE
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TP+FP 40+10=

TN+FN 30+20=
TP+FP+TN+FN 50+50=
EIFG+ERf=TP+TN 40+30=

PIEG+{ataffl=FP+FN 10+20=

HIFH+{Ataf=TP+FN 40+20=

50

50
100
70

30

60

BB +{HIEF=TN+FP 30+10=40
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ROC Curves Precision-Recall Curve
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- ROC curve of class 0 (area = 0.96)
/’ — ROC curve of class 1 (area = 0.97) - Precision-recall curve of class 0 (area = 0,999)
Cd
P - ROC curve of class 2 (area = 0.99) —— Precision-recall curve of class 1 (area = 0.866) \
/' = ROC curve of class 3 (area = 0.97) — Precision-recall curve of class 2 (area = 0.948) l
/' —— ROC curve of class 4 (area = 0.99) - Precision-recall curve of class 3 (area = 0.931)
/' - ROC curve of class 5 (area = 1.00) — Precision-recall curve of class 4 (area = 0.969)
/' -~ ROC curve of class 6 (area = 0.99) 0.2 { === Precision-recall curve of class 5 (area = 0.971)
/' — ROC curve of class 7 (area = 0.99) ~ Precision-recall curve of class 6 (area = 0.994) 1
/' : ROC curve of class 8 (area = 0.95) -~ Precision-recall curve of class 7 (area = 0.966)
/' ROC curve of class 9 (area = 1.00) - Precision-recall curve of class 8 (area = 0.804)
2~ = =+ micro-average ROC curve (area = 0.98) ~—— Precision-recall curve of class 9 (area = 0.904)
’ 4 S
#° = = s+ macro-average ROC curve (area = 0.98) micro-average Precision-recall curve (area = 0.927)
td
0.0 T T T T 0.0 r T T T
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False Positive Rate Recall
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Normalization

Before Normalization
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