What is XGBoost?
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Additive Training (ZIN=0iIZ5)
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class SquaredErrorObjective():
# Loss
# (y _i-pred i minus _1)~2 / 2
def loss(self, y, pred):
return np.mean(((y - pred)**2)%0.5)

# LossF T Predf]—Fr 541
def gradient(self, y, pred):
return pred - y

# Loss T Predf] —Hr 541
def hessian(self, y, pred):
return np.ones(len(y))
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# FMIEEIBCEEZZSUFRA [ ]
class BinaryCrossEntropybjective():

# BCEM RIS 54 https://blog.csdn.net/zz112880/article/details/128403845
def loss(self, y, pred):

return -(y * np.log(1/(1+np.exp(-pred))) + (1 - y) * np.log(1 - np.exp(-pred)))

# LossKTPredfi]—F 521
def gradient(self, y, pred):
return 1/(1+np.exp(-pred)) - vy

# LossF T Predf] —Fr 51
def hessian(self, vy, pred):
sigmoid value= 1/(1+np.exp(-pred))
return sigmoid value * (1 - sigmoid value)
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